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Q table

= State : 6*6H915F (F£36/Estate)
= Action: £~ F ~F -~ &£ (F4{Eaction)
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Reward function

The immediately reward after RL take actions:

St+1 :{TX: Ty}

+100, If Agent arrived at the target

@

Target point

{TXr TY} = {CXJ CY}

-100, if Agent arrived at the hell

{TXJ TY} = {HX! HY}

|
=

0, otherwise

{Tx, Ty} # {Cx, Cy}
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Q tablerViEELIK EFh

= Qtable% 36*4RV%E[E

State 1
State 35 Q@35, 1) Q@5 2) Q@5 3) QQ35, 4)
State 36 Q(36, 1) Q(36, 2) Q(36, 3) Q(36, 4)

Hint: Q tableNZ B R SLBAREBNEFE - TERULITIMAQ table - A IEEAR361T - HIT
HIEF SHagentEBNIER

Q value update:

Learned value

QS a) « Q(Se,a) + a[R + Vmaxa,Q(SHl, /) — Q(Se, )]

Learning Reward
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Q tablerYiZtE : IEM@[OIEE(1)

a=01;y=09

= FRNEEBFOAIRELRT - S%rewardE100 - &£HQ tabled®
. Q(St,A) =0+ 0.1[100] = 10
¢ 6x6 maze =

Reward=100
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Up. down right left
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Q tablefY%

218 ; 1E[(g]

B (2)

a=01;y=09

= B_REBERBFOAEERRE £ BB -

HiEEgction&a G

HQ tablelBEE#185Q(St,A) =0+ 0.1[0+ 0.9 10— 0] = 0.9 -
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Q tablenviZ#E : E[@[olEE

a=01;y=09

Fosd BRI e P E R B ) E-100 0 HQtable® § #

H2Q(St, })=04+0.1[-1004+09%0—0] = —10 -

h XD B RFIREFT-HF 0L S ¢ BER D - (B

BEF T 6L S EREE) > P 0.9 % € F#Qtablest 7 ¢ B

B eh™ oo g bt e 37 € AR B o agent S 1S B e .
7 6x6 maze - o IEM |

Reward= -100
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Qs1)=r2+yQ(s2)=r2+ y [r3 +yQ(s3)l=r2 +y[r3 + y[rd + yQ(s4)]] = ...
Q(s1)=r2+yr3+y2ra+y3r5+y*r6 + ...

Qls1)=r2+1*r3+1*r4+1* 15+ 1%r6 +...

Qls1l)=r2+yr3+y2rd+y2r5+y'r6 + ...
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= Z2REE
= Episode&[EE=100%
= Greedy rate(e): A REBEREREE=0.9
= Learning rate(a): =& AEEZE=%0.01, 0.6, 0.9
= Discount rate(y): =& ARBZEFEZ0.01, 0.6,0.9

= HiIR
= WERBERAFHEMESH T —ELE AT WIERagent(EE)TERKR (It

Fi¥EEtotal step ZLEER
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5 7Ey, ¢ - «=0.01, 0.6, 0.9 Ztotal steptb#

“~[E]Learning Rate” [tjffytotal step

EH (W) 8 TERE
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wnpu|r = 0,01 w=fumr=06 w=G==|r=0.9
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30*30 maze with 20 obstacles
mM&Elearning rate(a)tbER
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30*30 maze with 20 obstacles
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= |nventory Management

= reduce transit time for stocking as well as retrieving products in the
warehouse for optimizing space utilization and warehouse operations.

= Delivery Management

= Reinforcement learning is used to solve the problem of Delivery Vehicle
Routing. Q-learning is used to serve appropriate customers with just a few

vehicles.
= AGV

= Finance Sector

= Pit. Al is at the forefront leveraging reinforcement learning for evaluating
trading strategies. It is turning out to be a robust tool for training systems to

optimize financial objectives

= Gaming
= ATARI- Space Invader
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= Alpha Go


http://pit.ai/
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