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e OpenCV

# OpenCWV
lapt-get -gg install -y libsmb libxextb &&% pip install -g -U opencv-python

e Import the necessary libraries

#H TemnsorFlow and tf.okeras

dmpor-t TtensordfHlow as i

Frr-om tTternsorfTlowww dmporit keras

Fr-om tTtensor-fHlow. keras dmpor-it dataseit=s 1 awyve=r=s model =

#F Helper l1libraries

dmpEraor-it o=

Fr-om os dmport 1id=stdiar

Fr-om os o patih Jdmppaer=-it  Joedom

dmpror-i£ mumpy» =S e

Idmppor-t matplotlib.opwplaot as - Ry
dmEar it w2

Frr-om goosle . colab dmport drediwe
Idmppor-it pandas
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» Accessing My Google Drive

drive.mount (' /content,/drive ")

Go to this URL in a browser: https://accounts.google.com/o/oauthZ/auth?client id=9

Enter wyour authorization code:

Mounted at /content/drive

« Location of my dataset on My Google Drive

# defining global wariable path
# Location of my dataset on My Google Driwve
image path = ‘"driwve/My Drive/flowers’

def loadImages{path) :

"YU Put Files into lists and return them as one list with all images
inmn the folder®™ "'
image fFiles = sorted({[os.path.join{path, "trainmn”', file)
Ffor File in os.listdir{path + "“/train”)
if File.endswith{ .png™3)]1)
return dimage ftiles

# Set the path of the input folder

data = 'driwve/ /My Drive//flowers"’ .

e

) . . . . . . e g

# List out the directories inside the main input folder g e

4k i

folders = os.listdir{data) ﬁﬂf; @l
. l '|J a” Tl ". £ \.'}
print{folders) aﬁékﬁﬁﬁgjf
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[ "dandelion", "twulip®", '"daisy", '"'sunftlower', "'rose”]] B iy s
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# Transftorm the image array to a numpy tType
train = np.array{(train_images)
Ttrain.shape

(43223, 64, 64, 3)
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# FReduce the RGE wvalues between @ and 1
train = train.astype("float3x2") JF 255.6
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# Extract the labels
label dummies = pandas.get dummies({train_ labels])
labels = label dummies . walwues._ argma»x{l)

pandas .unigque{train_ labels)

array ([ "dandelion”, "twulip®", "daisy", "'sunflower®, "rose"], dtype=cbject)

pandas .unigque({labels])

array([1, 4, @, 3, 271
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# Shuffle the labels and images randomly for better results
union_list = list(zip(train, labels))
random.shuffle(union_list)

train,labels = zip{(*union_list)

# Convert the shuffled list to numpy array type
train = np.array(train)
labels = np.array(labels)
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# Develop a seguential model
model = models _ Seqgusasntiald{)
# As+t Conwolutiomnmnal L aws=r
model _add{layvers . ComnwZ2D{ =2ZF L=, =D . actiwvatiomn—"relw" dmnput_ shape—((Sa , S = T T |
model _ add{layvers . MaxPoolimgZ2D{ {2, 232 )
# 2nd Comnwvolutiomnal LLawer
model - add{layvers . ComwZ2D{ & L=, = T actiwatiomn="re=1wu" 3 )
model _add{layers MaxPoolimgZD{ {2, 2323
#H Srd Conwoldlutiomnal L aws=r

model _add{layers . ComnwZ2D{ 12358 =, = actiwvatiomn—"re=1lwu" 3}
model _add{layvers MaxPoolinmgZ2D{ {2, 232 )

model . add{layers . Flattemn({ 3 )}

model _ add{layers . Dropowut{& _ =3 )

# HNdd ouvtbtput L1awer

model  add{layers _Dense({S, actiwation="softmaz=" )

¢ WA R
# Compute the model parameters
model.compile(optimizer="adam’,

loss="sparse categorical crossentropy’,
metrics=["accuracy'])
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# Train the model with 5 epochs
model.fit(train,labels, epochs=5)

Train on 4323 samples

igggﬂdggg [==============================] - 255 6ms/sample - loss: 1.2681 - acc: ©.4481
5523?4522 [==============================] - 255 6ms/sample - loss: 1.8544 - acc: ©.5785
5523?4322 [==============================] - 255 6ms/sample - loss: 0.9615 - acc: 9.6234
5523?4222 [==============================] - 255 6ms/sample - loss: ©.8711 - acc: 0.6620
5523?4322 [==============================] - 255 6ms/sample - loss: 0.8201 - acc: 9.6944

<tensorflow.python.keras.callbacks.History at ex7f5c12d9ff9s>

#get score acording to train datas
print(“Test Accuracy: {@:.2f}%".format(model.evaluate(train,labels)[1]*108))

A323/4323 [==============================] - 75 2ms/sample - loss: ©.7483 - acc: 8.7095
Test Accuracy: 70.95%
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model.fit(test,labels, epochs=5)

Train on 1@ samples

Epoch 1/5
18/18 [==============================] - s Tms/sample - loss: 6.6935 - acc:
Epoch 2/5
18/18 [==============================] - @5 6ms/sample - loss: 5.3688 - acc:
Epoch 3/5
18/18 [==============================] - s Tms/sample - loss: 4.3871 - acc:
Epoch 4/5
18/18 [==============================] - s 6ms/sample - loss: 3.3389 - acc:
Epoch 5/5
18/18 [==============================] - @5 6ms/sample - loss: 2.5127 - acc:

<tensorflow.python.keras.callbacks.History at @x/fb64814c5c@>»

print{“Test Accuracy: {8:.2f}%".format(model.evaluate(test,labels)[1]*108))

—=======S======S================ - = Ms /S am e - 055 . - acC.
18/10@ gs 2ms/ pl 1 1.8837

Test Accuracy: 50.80%
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pred = rose{Q)
truse = rose

true = daisy true = dandelion

pred = dandehon{¥pred = dandehon(Xpred = dandelon(X]
true = tubp true = sunfilower true = daisy

-+ Pand
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pred = dandehon(Mpred = dandebon(Cpgred = dandehon(O)

pred = tulip{Cr
true = tulip

true = dandelion

e 2l

pred = daisyi{X}
true = sunfiower

pred = rosel(O]
true = roses
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«  Kaggleg # &
https://www.kaggle.com/alxmamaev/flowers-recognition
e Model

https://www.kaggle.com/rajmehra03/flower-recognition-cnn-
keras/notebook

e MR TEE
https://tomkuo139.blogspot.com/2018/05/aicnn-cifar10.html
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https://www.kaggle.com/alxmamaev/flowers-recognition
https://www.kaggle.com/rajmehra03/flower-recognition-cnn-keras/notebook
https://tomkuo139.blogspot.com/2018/05/aicnn-cifar10.html

Thank You



	Deep Learning圖像辨識�Flower Recognition
	目錄
	簡介&研究方法
	使用工具&套件
	使用工具&套件
	資料前處理
	資料前處理
	模型建立
	模型建立
	加入新圖片
	加入新圖片
	加入新圖片
	結論&未來方向
	參考資料
	Thank You

