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2.1. Random Forest
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(2) age

Distribution of age (count & percent)
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(3) gender

Distribution of gender (count & percent)
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(4) category

Distribution of category (count & percent)
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Accuracy: 0.988
Precision: 0.491
Recall: 0.927
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clf = C(atBoostClassifier(iterations=100,

Accuracy: 0.997
Precision: 0.91

Recall: 0.65

3.2.2. BREHE
$1¥f Catboost METTHEE 2 BEFIHE - W H D ABHESHIRER] -

clf = CatBoostClassifier|(iterations=200,

learning_rate=0.01,

depth=6,

eval metric=" AUC,

random seed

bagging_temperature = 0.2,

metric_period
)
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= 20

learning rate=0.04,

od wait=25
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depth=12,

eval _metric='Recall’,

random seed = 42,
bagging_temperature = 0.2,
od_type=" Iter’,
metric_period = 20,
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Lr:0.02 Lr:0.03 Lr:0.04 Lr:0.02 Lr:0.03 Lr:0.04
Dep:12 Dep:12 Dep:12 Dep:13 Dep:13 Dep:13
Accuracy 0.97 0.997 0.997 0.97 0.997 0.997
Precision 0.92 0.92 0.94 0.9 0.89 0.92
Recall 0.81 0.80 0.82 0.82 0.83 0.80
Lr:0.02 Lr:0.03 Lr:0.04 Lr:0.02 Lr:0.03 Lr:0.04
Dep:11 Dep:11 Dep:11 Dep:14 Dep:14 Dep:14
Accuracy 0.97 0.997 0.997 0.97 0.997 0.997
Precision 0.91 0.92 0.94 0.92 0.92 0.92
Recall 0.8 0.8 0.81 0.81 0.81 0.81
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Lr:0.02 Lr:0.03 Lr:0.04 | Lr:0.02 Lr:0.03 Lr:0.04
Dep:12 Dep:12 Dep:12 | Dep:13 Dep:13 Dep:13

Accuracy 0.997 0.997 0.997 0.997 0.997 0.997
Precision 0.94 0.94 0.94 0.94 0.94 0.94
Recall 0.84 0.86 0.85 0.84 0.84 0.84

Lr:0.02 Lr:0.03 Lr:0.04 | Lr:0.02 Lr:0.03 Lr:0.04
Dep:11 Dep:11 Dep:11 | Dep:14 Dep:14 Dep:14

Accuracy | 0.97 0.97 0.97 0.997 0.997 0.997
Precision | 0.94 0.94 0.94 0.92 0.94 0.94
Recall 0.83 0.84 0.85 0.86 0.85 0.86

4.4, BREAUEHZEE

S AT R P PR BT SETESALE > AT M SR ERE 0.997 > (ke
PR (A 0.988 FIIRIVAVIET > (BRI P DU SIR MR
AT 0.92  LLAEFURIIIA 0491 MRHEHFS - BEATBIRTAS)
i 0927 TIEE 0.86  (LRBHMIERHTTHEELI S  ERHEARMER
S -

1 =/
D. \f‘rg {zﬁ

5.1. & k¥

*T 7 FOplzE Catboost BB Sodkem ¢ > A FE T A SkF E 102
o FLART AT R b ST AIE P E LR AR e Sk
L ke > LEEd e



