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Real News? Fake News?

& ArAE
2022.01.07



Outline
01 PR

02

03
04

l_

1l 1l
[

1L

i
iy

J



1L

I
,l_um'

g

\S

K

J4




PHEEREFFE > RERAS LT FRTD
%@’aéﬁﬁﬁﬁﬁﬁéﬁﬁﬁﬁ?’ﬁ%&
FrenFal oo fva AT BEATR R LT R
FAFFANELFEF~T o g F R pntF Kk

2 2, — ==
FCip ~ B3

BE G R

ST GRS PRTH 0 AL 4L @
S Q%&%ﬁﬁf%’ lé\':":“"“

gl
& »
a
pral

S5
i\
Tmd

=




TR SRt i

>
7t

R

feBe ~ AR A

24

7 erR

AT B P

)

How

Why

Who

FERIATH 3

Loz 4

BT RERE R

NI

AT

YT -.__“______.




g o\

& 4
A .,

<

02

%

A

i it

—
—




EATH 21417 %
4 23481+

[ g

title text subject date
0 Donald Trump Sends Out Embarrassing New Year'... Donald Trump just couldn t wish all Americans ... News December 31, 2017
Drunk Bragging Trump Staffer Started Russian ... House Intelligence Committee Chairman Devin Nu... News December 31, 2017

Sheriff David Clarke Becomes An Internet Joke... On Friday, it was revealed that former Milwauk... News December 30, 2017

Trump Is So Obsessed He Even Has Obama’s Name... On Christmas day, Donald Trump announced that ... News December 29, 2017

Pope Francis Just Called Out Donald Trump Dur... Pope Francis used his annual Christmas Day mes... News December 25, 2017




EAY F
real. head ()
= >r 2 g1 P2l =X
£ AT # o B At e 3 title text
2> A = d N
‘—3% > M IERAT )z )3 11'[" 0 As U.S. budget fight looms, Republicans flip t... WASHINGTON (Reuters) -\ he head of a conservat...
ﬁ‘( .‘:HL ’ jj_;_«\; _"5‘?: _ll—iii :l" 1 U.S. military to accept transgender recruits o... WASHINGTON (Reuters) - fransgender people will...
%7]‘;"_; ';/ﬁ:\\ ° 2 Senior U.S. Republican senator: 'Let Mr. Muell... WASHINGTON (Reuters) /The special counsel inv...
real. head ()
9 -— "—ﬁ N 2
o RATH RAEE R <
43 A a1 title
BeE 3 A “/f °
0 As U.S. budget fight looms, Republicans flip t...
1

text
The head of a conservative Republican faction...
U.S. military to accept transgender recruits o...
2 Senior U.S. Republican senator: 'Let Mr. Muell...

Transgender people will be allowed for the fi...

The special counsel investigation of links be...
[index for index,text in enumerate (real.text.values) if str(text).strip() = "]
[8970]
— real. iloc[8970]
—_——
R E title Graphic: Supreme Court roundup
. — text
;5 = subject politicsNews
E: — date June 16, 2016
Name: 8970, dtype: object
real =

real. drop (8970, axis=0)
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text =
for news 1in fake. text.values:
text += f7 {news}”
wordcloud = WordCloud(
width = 3000,
height = 2000,
background color = ’black’,
stopwords = set(nltk. corpus. stopwords. words(“english”))). generate (text)
fig = plt. figure(
figsize = (40, 30),
facecolor = 'k,
edgecolor = 'k’')
plt. imshow(wordcloud, interpolation = ’bilinear’
plt. axis( off")
plt. tight_layout (pad=0)
plt. show()
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& i ~ & 3(Tokenization) ~ # ",f i® * 23 (stopwords)

=< Y real["class”] = 1
° 7> —];_'.‘*f L
F'\ / %‘—ﬁ\“ I fake[“class”] = 0
X . s real["text”] = real["title”] + “ ” + real["text”]
° *#‘—) 4 ,';/_h? F)\ ~ “‘é. | o fake["text”] = fake[”title”] + ” 7 + fake["text”]

real = real.drop([“subject”, “date”,”title”, “"publisher”], axis=1)

) 'Z. 'lf%'; _g éﬁ*&a fi%% K/% o fake = fake.drop([“subject”, “date”, “title”], axis=1)

data = real.append(fake, ignore index=True)
del real, fake

t'”—i-J'F f% # ?‘;‘;;J o v = data[”class”]. values
X =[]
stop words = set(nltk.corpus. stopwords. words(“english”))
tokenizer = nltk. tokenize.RegexpTokenizer (r \w+ )
for par in datal”text”].values:
tmp = []
sentences = nltk. sent tokenize (par)
for sent 1in sentences:
sent = sent. lower()
tokens = tokenizer. tokenize (sent)
filtered_words = [w.strip() for w in tokens if w not in stop_words and len(w) > 1]

4
d

tmp. extend (filtered words)
X. append (tmp)
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A& - » £ 1+ (Word2Vec)

One-hot encoding #_3' 3t %
B8R 3 g w > word
embedding = F B & F

#Dimenzion of wectors we are generating
EMEEDDING_DIM

= 100
#lreating Word Wectorz by WordZVec Method (takes time...)
wiv_model = genszim models. Word2Vec (zentences=%X,
2]
2 Ve » 2 ’ _El 4 v + 2
AR Mg E RN E - B
-

len(w2v_model. wv. wvocah)

=1ze=EMEEDDING_DIN,
122248

window=3, min_count=1)
tokenizer = Tokenizer!()
“ N ckenizer. fit_on_ texts (¥)
Word2vecH - ##* k& 4 @ e
lé? ‘E‘ ﬁj#g Fﬁg ’F’ii‘] , ? J‘/( f—;)":‘;ﬁ X = tokenizer. texts_to_sequences (X)
41 g < g3word vectors > »
¥ % pre-trained word 5 8
jectors 4 5 similar words -
Size =100,200 F#Fw 2 AE </ > BE <] € #&
%3 s h g B el ik -
= Window =5 A7 Wo
E-—
==

Min_count =1

3
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T & 3tmin_count& s o
ord2Vecsia 2 ¢ o



#2125 - 5 #- #3l(many to one) # » F #icH T

3 =\ lt.hist([lenfx) for =z 1in . bins==hH00
« 1 * pad_sequences() & 3¢ > P cical x] )
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noz = np.arravh[leni(z) for = in ¥])

leninos [nos < o0l
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maxlen = TO0

 #Making all news of size maxlen defined abowe

i

N

¥ = pad sequencez(¥, maxlen=maxlen)



#5312 $- LSTM model

H#Defining MNeural Network
model = Sequential ()
#Non—trainable embeddidng layer

model. add (Embedding (vocab_size, output_dim=EMEEDDING_DIM, weightz=[embedding wectorsz], input_length=maxlen, trainable=Fal=ze))
HLETH

model. add (LETM (uni t==128) )
model. add(Dense(l, activation= zigmoid })

model. compile (optimizer=" adam’, lozs= binary crozsentropy , metrics=[ acc’])

model. summary ()

Model: “sequential®

Laver (tvpe) Output Shape Faram #
embedding (Embedding) (None, 700, 100) 12224900
lztm (LSTH) (None, 128) 117248
denze (Densze) (None, 1) 129

(il

il

Total params: 12,342, 277
Trainable param=: 117, 377
Non—trainable params: 12,224,900

N



#-3]2= $- LSTM model

53 S
Embedding (122249,100,700) Embedding (122249,200,700)
LSTM (128) LSTM (128)
Dense (1,sigmoid) Dense (1,sigmoid)
Loss_function binary_crossentropy Loss_function binary _crossentropy
optimizer adam optimizer adam
epoch 6 epoch 6
Loss 0.0295 Loss 0.0295
accuracy 0.99082 accuracy 0.98788
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