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def preprocess_image(image_path, train_data = False):

# Resize the image to our desired value
image = tf.image.resize(image,size = IMAGE_SIZE)

return image
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def preprocess_image(image_path, train_data = False):
# Read the image

image = tf.io.read_file(image_path)

# HIREGERERD255 - UELEHEN Ze-17E

image = tf.image.decode_jpeg(image)
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Train set 80% 9567
Val set 10% 1196
Test set 10% 1196
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# BlEImageDataGenerator, ©l&Data Augmentation
train_datagen = ImageDataGenerator(rotation_range=10,zoom_range=0.1,width_shift_range=0.1,height_shift_range=0.1)
train_batches = train_datagen.flow_from_directory(TRAIN_PATH,

target_size=IMAGE_SIZE,

interpolation="bicubic’,

class_mode='categorical’,

shuffle=True,

batch_size=BATCH_SIZE)
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net = ResNet5@(include top=False, weights="imagenet', input tensor=None,
input_shape = (IMAGE_SIZE[®],IMAGE_SIZE[1],3))
X = net.output
x = Flatten()(x)
x = Dropout(@.5)(x)
output_layer = Dense(NUM_CLASSES,activation = 'softmax’,name='softmax’)(x)
net_final = Model(inputs = net.input,outputs = output_layer)
for layer in net_final.layers[:FREEZE_LAYERS]:
layer.trainable = False
for layer in net_final.layers[FREEZE_LAYERS:]:
layer.trainable = True
net_final.compile(optimizer = Adam(learning_rate = 1le-5),loss = 'categorical crossentropy',metrics = ['accuracy'])
print(net_final.summary())
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Image size (224,224)
Epoch 7

Batch size 32

Dropout 0.5

Activation function Relu, Softmax
Optimizer Adam
Learning rate le-5
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Factor
Epoch Dropout Batch Size
Level
Level 1 6 04 32
Level 2 8 0.5 64
Level 3 10 0.6 128
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Factor
Epoch Dropout Batch Size Accuracy
Experiman
1 6 0.4 32 0.92
2 6 0.5 64 0.93
3 6 0.6 128 0.92
4 8 0.4 64 0.88
5 8 0.5 128 0.9
6 8 0.6 32 0.87
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Main Effects Plot for SN ratios
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