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Table 1. EfficientNet-B0 baseline network — Each row describes
a stage 7 with L; layers, with input resolution (H;, W) and output
channels C;. Notations are adopted from equation 2.

Stage Operator Resolution | #Channels | #Layers

i F; H; x W; G L

1 Conv3x3 224 x 224 32 1

2 MBConvl, k3x3 112 x 112 16 1

3 MBConv6, k3x3 112 x 112 24 2

4 MBConv6, k5x5 56 x 56 40 2

5 MBConvé6, k3x3 28 x 28 80 3

6 MBConv6, k5x5 14 x 14 112 3

7 MBConv6, k5x5 14 x 14 192 4

8 MBConv6, k3x3 TXT 320 1

9 Convlxl & Pooling & FC TxT 1280 1
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£ A i I fasEw] 0 4 % i Cassava Bacterial Blight (CBB) - Cassava Brown
Streak Disease (CBSD) - Cassava Green Mottle (CGM) ~ Cassava Mosaic
Disease (CMD)¥? Healthy -
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0 Cassava Bacterial Blight (CBB)

1 Cassava Brown Streak Disease (CBSD)
2 Cassava Green Mottle (CGM)

3 Cassava Mosaic Disease (CMD)

4 Healthy
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generator = train_datagen.flow_from_dataframe(train_labels.iloc[28:21]
directory = os.path.join(WORK_DIR, "train_images"),
x_col = "image_id",
y_col = "label”
target_size = (TARGET_SIZE, TARGET_SIZE),
batch_size = BATCH_SIZE,
class_mode = "sparse”)

aug_images = [generator[@][@][8]/255 for i in range(18)]
fig, axes = plt.subplots(2, 5, figsize = (2B, 18))
axes = axes.Tlatten()
for img, ax inm zip{aug_images, axes):
ax.imshow(img)
ax.axis('off')

plt.tight_layout()
plt.show()
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def create_model():
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comy_baze = EfficientNetBO(include top = False, weightz = HNone,
input_shape = (TARGET_SIZE, TARGET_SIZE, 31}

model = conv_baze. output
model = layers.GlobaldveragePooling2D () (model)
model = layers.Dropoutirate = 0.4) (model)
model = layers.Dense(5, activation = “softmax”) (model)
model = models.Model (conv_basze. input, model)
model. compile (optimizer = AdaDelta(lr = 0.0013,

logzz = “sparze_categorical crozzentropy’,

metrics = ["acc”])
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A Dropout

B Optimizer Adam AdaDelta Adagrad
C Batch Size 2 4 8

D Learning rate 0.01 0.001 0.0001
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Dropout Batch Size | Learning
rate

1 Adam 2 0.01
2 0.4 AdaDelta 4 0.001
3 0.4 Adagrad 8 0.0001
4 0.5 Adam 4 0.0001
5 0.5 AdaDelta 8 0.01
6 0.5 Adagrad 2 0.001
7 0.6 Adam 8 0.001
8 0.6 AdaDelta 2 0.0001
9 0.6 Adagrad 4 0.01
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Dropout Optimizer | BatchSize | Learning Test
rate Accuracy

1 Adam 2 0.01 0.6095
2 0.4 AdaDelta 4 0.001 0.8376
3 0.4 Adagrad 8 0.0001 0.8505
4 0.5 Adam 4 0.0001 0.8897
5 0.5 AdaDelta 8 0.01 0.7287
6 0.5 Adagrad 2 0.001 0.8457
7 0.6 Adam 8 0.001 0.8479
8 0.6 AdaDelta 2 0.0001 0.8684
9 0.6 Adagrad 4 0.01 0.6368
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